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* Any VAE is reconstructing
frequent features better than
infrequent (abnormal) ones.

= hence, its reconstructi-
on error is a measure of
anomaly.

* Instead of using the Wasser-
stein distance holistically, we
obtain a missmatching score
for each element in a distri-
bution.

 Each pixel is evaluated in the
context of multiple patches.

e We combine VAE and FCA, by
applying zero-shot anomaly
localization on the residual
maps from the VAE.

e We mine similar and dissimi-
lar pairs of features, guided
by the anomaly map.

e Contrastive learning yields an
improved feature space

= anomalies of different
types are well separated.

e Clustering in that space
vields the different anomaly
classes.
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INSIGHTS
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